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VcKycCcTBeHHBI WMHTEJ/UIEKT PEeBOJIIOLMOHU3UPYEeT OW3HeCc-MapaurMel, B TOM 4HC/Ie OU3HeC-MOJend, ympasisiembie KU,
npejJiarasi JeTajbHOe IOHMMAHME 3BOJIOLUH W BIMSHUS TpaHchopmaumu npoueccoB Ha MT-crparternio sHepretuku Poccuiickoit
Depepanun. OueBngHa posis MW Bo BHeIpEeHNH TEXHOTOTUYECKUX HHHOBALMi B M T-cTpaTeruio npesipusiTist 3/1eKTPO3HEPreTHIECKOro
KOMIT/IeKca.

Mogenu ucnonb3oBanusi MM XxapakTepusyloTCsl TOBBILIEHHOW OMEpalioOHHON 3(PeKTUBHOCTHIO, MPUHSITHEM pelleHUi Ha
OCHOBe JAHHBIX M IMOJXOJAMH, OPHEHTHPOBAHHBIMU HAa KOHEYHOro MOTpebuTessi. DTU MOAENIU O3HAYalT KapAHWHA/IbHOe M3MeHeHHe
TPaAMLIMOHHBIX OAXOJ0B YIPABIEHUsS IPEANPUITHEM, TPeOYIOLINX TEPEOLEHKH POJIA PYKOBOJCTBA M TEXHOJIOIMYECKUX OIPaHHYeHUN
KkoHBepreHunu MW u s/1eKTposHepreTHKy.

Artificial intelligence is revolutionizing business paradigms, including Al-driven business models, offering a detailed understanding
of the evolution and impact of process transformation on the IT strategy of the Russian Federation's energy sector. The role of Al in
implementing technological innovations in the IT strategy of the electric power industry is evident.

Al usage models are characterized by increased operational efficiency, data-driven decision-making, and end-user-centric
approaches. These models represent a radical shift in traditional enterprise management approaches, requiring a reevaluation of the role of'
leadership and the technological limitations of AI-powered energy convergence.

KmoueBble c10Ba: MCKycCTBeHHbIN nHTeiekT, UT-cTpaTerus, sHepreTnyeckoe npenpusTre.
Keywords: artificial intelligence, IT strateqgy, energy sector.
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